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ABSTRACT

This article aimed to study: (1) the characteristics of community-level inequality in Roi Et Province,
(2) the analysis of data using statistical methods and machine learning techniques to identify key factors
influencing inequality, and (3) the proposal of systematic policies and local development guidelines.
This study employed a mixed-methods approach, utilizing both primary data from household surveys and
secondary data from relevant governmental agencies. Data collection instruments included household
questionnaires and statistical records, while data analysis employed descriptive statistics, K-Means
clustering, and decision tree modeling. The findings revealed that: (1) the sample group in Tha Muang
Subdistrict, Selaphum District, had a low average monthly income (9,500 Baht) and perceived inequality
at a high level, particularly regarding income and access to public services; (2) K-Means clustering classified
the study areas into three levels of inequality: low, medium, and critical, with Kaset Wisai District identified
as the most critical area due to having the highest number of poor households; and (3) decision tree
modeling indicated that the “number of poor households” and “education” were the most influential
variables in determining inequality levels. These findings provide an empirical basis for designing targeted
policy interventions, such as improving education, developing infrastructure, and enhancing access to

welfare, thereby fostering equity and long-term sustainable development.
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Anuslunsidniisteya 3.90 0.78 78.0
nsihdamalulad 3.77 0.76 75.4
N153EIUTINVDIYUTY 3.60 0.74 72.0
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2. wamﬁmiﬂzﬁ%’agaﬁqamduia?nmsﬁauﬁfmauﬂ?m (Machine Learning)
mslaneiteyafenisduivonadodundel gutumslilunafivansaniusnuusvostoya éun
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2.1 MIubanduaurunNEnvamMILIEDNAEIE K-Means Clustering
nan1TIATIzsidoyademeluladnisidoudvesades (Machine Learning) lun1sAnuiadail
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2.2 msaeulidnaula (Decision Tree)

nsldmedaduliinisdndula (Decision Tree) fidhmneiiiosuunsualudmiaiosdnoonidu
nauAusEAUAUTULTITeIty Tnsenduduusdsdinuuaziasugia 5 46 laun aunm (Health), Annudued
(Living), n13@nw1 (Education), 518l (Income), wazn15189aiaAn13598335 (Accessibility) squAUAILUS
Sruauauay (Poor) WumumuresmszBauasugia Jeyaililunisieseiussneuseyniualuimiaiosidn
(20 Sune) Vi 193 ua Insnadndaavingvadhnnaagyiiuneivualanisdneglu Cluster 1 (), Cluster 2
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nan1saialanasedane3sy Decision Tree Wyl “S1urunuau (Poor)” LHusuusiigniden
Hulvuasn (Root Node) FauanadsdvBnageanlunissiuunsiua 91ntu “msfine (Education)” gnidenidu
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Tnssasredulifaninsnasidung (Rules) IHdd:

ﬂgﬁ 1: IF Poor < 90 — Cluster = 1 (ﬂfgvm‘ll’ﬁ)

ﬂgﬁ 2: IF Poor > 90 AND Education < 48 —> Cluster = 3 (Jaymge/Ingm)
ﬂgﬁ 3: IF Poor > 90 AND Education > 48 — Cluster = 2 (Jgymiununang)
fran1sdnw fail

Poor <= 90.0
gini = 0.154
samples = 193
value = [177, 2, 14]
class = Clusterl

gini = 0.0 Education <= 48.0
samples = 177 gini = 0.219
value = [177, 0, 0] samples = 16
class = Clusterl value = [0, 2, 14]
class = Cluster3
gini = 0.0 gini = 0.0
samples = 14 samples = 2
value = [0, 0, 14] value = [0, 2, 0]
class = Cluster3 class = Cluster2

J
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Sourdnagadau Tneagulan:

Cluster 1: fossnwsziuamsiuasifoguaziiunistesiuligmlusunan
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Cluster 3: FosldSunisatuayuisean Medunsuiluaueinauuagifulenanianisdnw
PEIIYTINSG

anUsENa
nanNTIuASItasauliliuItadenanfisrusmnumaonaivesTinindosda Toin A1sEANEINIY
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Madaningiginaila K-Means Clustering uag Decision Tree wudn siuanddnuiuauaulsiiiu 90 audngniney

Y

Tunguilamen saugisuadisliauauauiuniunasidsnanuasissdunsdnusaviiunltugefiazgnineg
Tunguinge naddianundesdluiiuilallfAntuogsdu WAYNAMUAAILLATIATINNINAT wAkaT UL Y
Hudrdny SnitadiBudufseududulumstassuunsinuuaslassadisiiugulviaseunqu dWodudade
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]
a v a

WeallFeueunuuIdenineitod wuldl TenunureInIsAnwilaennaeeiusguves World Bank
(2020) Ni5zydn Auwmdenaluginiaedengiuesndedaisingiuanauldvinisuduseld nsEnw

Y
¥ v Y

wazlATIasIiug U naenIudRnAT oI UTBLAUEURY Piketty (2014) NTIVUNYEELazUlEUIEE1E TUEADNALN
aaglunisimuualassaiiepnumasuailuszezenn uenaini n19ldseidevisiTenuunan (Mixed Methods)
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29AANN3 Y

medeadaiildadiesdaulmidesurenanvesniuundena-lufiminionida Tnsysunisteya
\BegugiuaznenismiumsiinzrimsaianazimaiiansSeuivecados (K-Means Clustering uag Decision
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3. Tuiman1ssauuniufiniutiadedun n1sld Decision Tree dnaseidulimanisduuniid dnis
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Educational Opportunities

Infrastructure & Goverment Policies
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Support Opportunities Limit Opportunities
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7% 2l _, ulins

. Cluster 1 Low Burden Areas

- Cluster 3 High Risk Areas

Decision Tree Model
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